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Laboratory submission data

• Strengths
– Automated and routinely collected

– Computerized

– Centralized

Sustainable system
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• Based on TEST requested
– Direct mapping

• Based on the SAMPLE submitted
– Word recognition  Rule based decision

Data classification into syndromes
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Syndromes – KeywordsSyndromes – Keywords



Syndrome classification based on 
KEYWORDS

• “Tokenize” all historical data
• Create a list of medically relevant words 

– Abbreviations 

• Determine a classification method based on this list

– Words to syndrome Feces = GIT

– Hierarchy                        Fetus > Lungs

– Exclusion criteria           Ear = Eyes/Ears IF NO “TAG”

– Combinations                Heart+Liver = Systemic



Data classification into syndromes
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Abortion Musculoskeletal Neospora caninum Clinical Pathology

Circulatory Nervous  Johnes disease Toxicology

Environmental Reproductive BSE MIC
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Time series analysis
• Retrospective

– “Clean” historical data

• Prospective

– Detect aberrations



Implementation

• Large dataset

• Automatically, daily once system implemented

• Free software
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Conclusion 

• Implementation of the system will improve
– Disease detection

– Preparedness

– Situation awareness

• Cost of implementation only

• Data already available
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